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Evaluation of the deep-learning-based time series interpolation method to non-visual data
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Deep learning has greatly advanced in the field of computer vision, and one of the applications is
the video frame interpolation. Deep-learning-based video frame interpolation method is more accu-
rate than the traditional method which uses Optical Flow. MSS is exploring whether this method can
be applied to non-visual data. This paper introduces the experimental results which are applied the
method to rainfall rate observed by weather radar as non-visual data.
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